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Abstract: Today YouTube is the first one application when the people need to learn something this is due to the robust service
of the YouTube. Every second 500Hours video uploaded on the YouTube. On the one side this huge data is so big edge for
YouTube but on the other side this is the big challenge for YouTube to provide efficient and effective search results for each user.
People when search on the YouTube they are facing the difficulty to find the best video matched with their required content the
only way to find the quality of the video is user feedback in term of comments but we also faced some problem too in comments
most important are these two we focus 1.Huge comments 2.Multi-language comments for this problem our proposed method help
the user to processes the all comments into the single English language and find the sentiment of the each video category and one
the basis of the polarity score we find the best video tutorial and also compare the polarity results with and without our proposed

method the results shows the method is effective and efficient.
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l. INTRODUCTION

YouTube is the first big one video sharing platform today
YouTube have 2 billion active users because of its easy and
quick access YouTube age is 16 years but its progress and
effect in our life shows that we have help if even no one can
help us we can get the help from YouTube [1]. Today the
YouTube is the platform where the 30,000 hours video new
content is uploaded each day and actively 1 billion hours
averagely watched in a day [1-5].

Here are the statistics are about the YouTube. The age factor
on the YouTube is between 15 years to 25 years but the age
71 is also use the YouTube [1-2]. For the good performance
and good interaction YouTube also developed the local
versions of the YouTube in the more than 100 countries.
15.2% user are form USA and 8.7% from India and 4.5%
from Russia there is 51% of the whole watcher is use the
YouTube for do thing he / she never done before 28% user
use the YouTube for entertainment or passing the time 19%
persons search the product for buying and 19% use the
YouTube for knowing the world about events or news more
than 5 billion mobile devices the YouTube is installed [3].
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FIGURE 1: Videos watched in 2019

When the user search on the YouTube search engine the
YouTube suggest based on the geolocation shown in Fig. 1

and interest of the user and user history this suggestion not
the most of time helpful for user after the searching of
10mints the search engine will understand the user
requirement and also the user will come to know to search
to get the targeted results.

YouTube have many products and enable the user to edit
upload and share by YouTube Studio application. YouTube
also provides the free video channel making feature from
this the many people upload the different unique content
from these content people can earn based on the 1000
subscriber and 4000minits watch time is the initial
requirements for enabling ad sense option [6-8]. January
2020 YouTube announced that the 37% of the YouTube
content is misleading with is the biggest part of the
YouTube content. From this misleading content how to can
find the leading content for this the best way is comments or
the feedback of the videos and we can find the best
qualitative content but we also have some problems too in
the this scenario some people are not properly feedback on
the video content and some people are put the feedback in
their own language this also create a new challenge for
calculating the positive, negative, and neutral feedback [7].
OUR CONTRIBUTIONS:
1. Find the all language comments.
2. Translate the all languages into one single
Language (English).
3. Find the Polarity before translation and After
translation.
4. Find the best video based on the proposed method
from 5 videos of one category.
Our work is focus on the find the best tutorial video on the 5
videos of the one category and we scrap 4 categories with
names below.
1. Machine Learning
Data Structure
WordPress
Python Tutorial
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Here are the list of the categories and each category having
5 videos with the same keyword.

Il. LITERATURE REVIEW

YouTube ranking done with the help of the polarity score
and the people find the video with best average percentage
score based on the given range they introduced 4 categories
and percentage of the average score which is based on the
replies and mostly positive replies are used to rank the video
the dataset is collection by opensource ytscrapper.com
which is now closed by YouTube [1].

The YouTube comments can be classify in their core
concern and study prove that the programmer mostly use the
YouTube for to get skills in write, debug and run the code
and find the solution for their error faced and in this study
6000 comments are scrapped and collected from 12 tutorial
videos about the coding tutorials and they automate the
classify the comments based on the machine learning
algorithms which is support vector machine with 77%
classification accuracy [2]. Qualitative analysis of the
YouTube is almost everyone required the machine learning
helps the user to find the mood of the user and also can find
the spam comments in the feedback on the YouTube [3].
Mood analysis and spam filtering shows the results with
reduced false positive 12% and 11% on averagely [4].
Misleading content is the 37% part of the YouTube videos
this kind of videos are called clickbait videos such videos
are filtered by using machine learning algorithms with
collection of 80K videos metadata and the most accurately
classify the clickbait videos by using the Random forest
with random sampling method [5-7].

YouTube recommendation system also the system of
finding the qualitative video content here are two type of
recommendation of the video one is when user search in the
search bar and select the one listed suggested by the google
search box and then this video will be display and more over
the YouTube having a feature in the right side suggested
videos and this kind of suggestions is called the
recommendation both are not the same [8-10].

This study get the relevant information of the user and rank
the video plus the other users information about the same
video and then rank the video content this methodology is
so effective and productive in the study the Deep Neural
networks help the user to filter the data [11-12]. Provide the
effective recommendation of the video content relevant to
your search and user history [13].YouTube recommendation
system mostly based on the sentiment analysis or the
sentiment score the sentiment analysis means people
feedback in term of positive feedback , negative feedback ,
neutral feedback of the comments and one comment having
one sentiment label and the study in Bangla text the one
comment can have multi-label sentiment label and they also
work on the more strong labels like strongly positive
feedback , strongly negative feedback and strongly neutral
feedback. They also work on the emotions with five labels
on the both models with 3 labels with 66% and 54.24% on
the five labels [14].

11 METHODOLOGY
Since the YouTube stop his free API for Comments
scrapping now its commercial so we choice the other tools
like instant Scrapper, Beautiful Soup to scrapping the
YouTube video comments and after collecting the data we
process the cleaning data with removing the unknown
language comments we got the cleaned .csv of each video
comment.
Here are two libraries (Packages) in python and free API for
languages detection and translation. Here is our processes
model diagram shown in Fig. 2.
Links for libraries:
https://textblob.readthedocs.io/en/dev/

https://pypi.org/project/googletrans/
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Fig 2: The proposed model

After cleaning data, we put the comments to translate the
comments into English even in any language. The
GoogleTans [15], and TextBlob [16] helps us to do this
there are a lot of free API available but we chose this and
translate the comments into one normalized single language
which is English. We chose the English because the
SentiWord [17] is already build for English and we can find
out the polarity of the comments very fast and free. We the
sentiment analysis we use the python VaderSentiment [17]
package for social media sentiment analysis we use this for
polarity calculation and then put each category video to
VaderSentiment and then make the label encoding for
sentiment analysis and then calculate the final score for the
video positive, negative, neutral. since we calculate the both
sentiment analysis of the each with and without translation.
Here is the translation processes model shown in Fig. 3.
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FIGURE 3: Translation process model.
V. RESULTS AND DISCUSSIONS

We first find the video polarity score without our method
and then find the sentiment with our method. Here we are
selected the 10 videos with two categories this category are
searched by keyword and based on the keyword google
shows the results and suggested videos from the google
suggested videos we select the first 5 videos for each
category and then scrap the comments and apply the method
and find the results with and without below graph shown in
Fig. 4 is the polarity results of the data structure tutorial.
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FIGURE 4: DS learning tutorial overall ranking.
The naming convention is shown in the graph.
PWT = Positive Comments with Translation.
NWT = Negative comments with Translation.
NUWT = Neutral comments with Translation.
PWOT = Positive comments without translation.
NWOT = Negative comments without translation.
NUWOT = Neutral comments without comments.

In Fig. 4, the video 3 is best video and ranked in the
category even this video low ranked in the Google
suggestion list. Here is in Fig. 5, the clean and clean
comparison shows that with and without translation with
respect positive and total comments ratio with percentile
ranking.

DS Learning Tutorial Video Ranking
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FIGURE 5: DS learning tutorial video ranking
Here is another tutorial about machine learning keyword
here is the best one is video_ 2 is better than all and with
translation we process the nomination of the values with on
the basic of positive comments is shown in Fig. 6.
N =(P /T *100) (1)
The seconfl cafegory is also showing that the method is
effective and efficient and the comparison graph shown in
Fig. 7.0 in which the Normalization is the score obtained by
the equation (1). Video ranking in this scenario shows that
the even the comments are in or other languages this method
shows that we can get help from the methodology and
produce the productive and qualitative video content.
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FIGURE 6: Machine learning
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Comperision with and
Without Translation
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FIGURE 7: With and without translation.

V. CONCLUSION

The conversion of the comments and currently available
packages are at some extend are productive and through the
conversion we can find the more accurate feedback from the
audience and this will help the user as well as the content
producer to produce the more productive and qualitative
videos. Our method is productive as like human work and
results shows the method is so productive for user and
content producer too.
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